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obstacle-free obstacle-populated narrow-corridor

This work presents a robust design for swarm of palm-size nano-
drones enabling autonomous exploration via obstacle avoidance,
intra-swarm anti-collision and vision-based target detection
capabilities fully aboard a highly resource-constrained robotic
platform at less than 1W power budget. We combine lightweight

UWB-based anchorless localization enables swarm agents to coordinate
each other relatively and avoid colliding with each other during exploration
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» Multi-sensory system performs at >1W power budget
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Need for a highly efficient and compact
design suitable for nano-drone swarm
[Architectures & Algorithms]
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nolicy based on the multi-sensory collision avoidance logic.
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